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Figure 1: Three main features of Narrix: (A) Surfacing Narrative Strategies: Narrix automatically extracts narrative strategies

from example stories, highlighting relevant lexical cues in color and explaining their function in the story. (B) Exploring

Narrative Strategies: Users can retrieve example story content and their strategies based on evolving higher-level storytelling

intents (e.g., emotional shifts, turning points) via an interactive story arc. (C) Remixing Narrative Strategies: Users can drag and

drop selected strategies onto multi-dimensional tracks (e.g., character, plot, linguistic) to steer the AI in revising or continuing

their story by integrating those strategies.

Abstract

Experienced storytellers decompose stories into local narrative
strategies and how these strategies shape higher-level arcs. This
decomposition helps writers recognize patterns in others’ work and
adapt those patterns to tell new stories. Novices, however, struggle
to identify these strategies or to reuse them effectively. We present
Narrix, a novel writing tool that helps novice writers recognize
narrative strategies in example stories and repurpose these strate-
gies in their own writing. Narrix analyzes strategies in example
stories, highlights them with color-coded lexical cues and explana-
tions, and situates them on an interactive story arc for exploration
by emotional shifts and turning points. Writers then drag strategies
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onto multi-dimensional tracks and apply block-scoped edits to re-
vise or continue their drafts through controlled generation steered
by specified strategies. Through a within-subjects study (𝑁 = 12),
Narrix showed improved participants’ retention, confidence, and
creative adaptation of narrative strategies compared to a baseline
chat-based writing interface.
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1 Introduction

The writing of a good story often hinges on the execution of key
narrative moments—an unexpected twist, a moment of emotional
tension, or a sudden shift in tone—the impact of each paragraph de-
pends on not just what the author says, but also how they choose to
say it. For example, a suspenseful scene might build tension through
sensory imagery and delayed revelation, or build toward a dramatic
twist withmisdirection and a sudden shift in point of view. However,
novice writers often lack the creative repertoire needed to shape
such moments in compelling ways. To build this repertoire, both
cognitive apprenticeship [17, 18] and writing pedagogy [29, 30, 64]
emphasize the value of learning from examples—not by simply
lifting surface-level content, but by dissecting, internalizing, and
remixing the strategies that underlie impactful storytelling. This
principle is echoed across writing communities. As one writer in
r/writing1 puts it:

“Take their ideas, how they write dialogue, develop char-

acters, conduct prose, etc. and turn it into your beauti-

ful Frankenstein monster... amalgamate the things you

love from your favorite stories and combine them into

something that is truly yours, that entertains you, and

inspires you, and that you are proud of.”

However, narrative strategies are often tacit, subtly woven into
the fabric of the text. Novices may sense the impact of a compelling
scene, but struggle to articulate how it works or to recreate its effect
in their own writing. Exposure to too many examples can further
compound the challenge, overwhelming rather than guiding writ-
ers as they attempt to locate, compare, and adapt useful techniques.
Prior systems such as IntroAssist [37, 38] and CorpusStudio [19]
surface genre norms and conventional structures in domains like
email and academic writing. Yet, recognizing and reusing narrative
strategies for story writing remains comparatively underexplored.
Addressing this challenge requires more than surfacing patterns:
it calls for scaffolds that helps novice writers interpret, experiment
with, and internalize strategies within their own drafts.

To this end, we present Narrix (Fig. 1), an AI-assisted tool for
narrative writing. Grounded in the theory of cognitive apprentice-
ship [17, 18], Narrix helps users recognize narrative strategies in
example stories and repurpose these strategies in their own writing.
To do so, it starts by decomposing example stories into local pieces—
which we call blocks—and the narrative strategies those pieces use.
It then helps the users recognize and understand narrative strategies
by naming and labeling them in the interface, highlighting relevant
lexical cues with color-coded, in-place annotations, and explain-
ing the function of each strategy within the story. An interactive
story-arc view supports users in exploring example blocks and their
strategies according to evolving, higher-level storytelling intents
(e.g., emotional shifts, turning points). Drawing on the metaphor of
a digital audio workstation (DAW)—where musicians remix a song
by arranging sound clips on a multi-track timeline and layering
audio filters—Narrix enables users to drag and drop strategies
onto multi-dimensional tracks representing distinct story elements,

1The subreddit r/writing (https://www.reddit.com/r/writing/), with over 3.2 million
members as of 2025, is one of the largest and most active online communities for
writers, offering a representative hub for sharing advice, experiences, and resources
across genres and skill levels.

such as character, plot, and linguistic, to guide the AI in revising or
continuing their story while applying those strategies as “filters.”

We evaluated Narrix in a within-subjects study (𝑁 = 12) against
a chat-based writing interface. Participants using Narrix recalled
and understood more narrative strategies, applied and remixed a
greater number of strategies in their own writing, and reported
higher confidence, satisfaction, and perceived creativity support
than with a baseline chat-based writing interface. Their interac-
tions reflected a cyclical exploration-learning-remix workflow, with
remix functioning as the backbone and deliberate learning inter-
woven throughout. Strategy use followed both goal-driven and ex-
ploratory paths, supported by track-based layout and block-scoped
editing that facilitated controlled, strategy-steered revisions. Over-
all, our work demonstrates how reifying tacit narrative strategies
into visible, manipulatable units and supporting their adaptation
can transform AI-assisted writing: from passive content generation
into a process of deliberate learning and creative control.

2 Related Work

2.1 Examples in Creative Support Tools

CSTs in HCI help users discover, understand, and reuse examples
across domains like design, programming, and writing. In this sec-
tion, we review how CSTs (including writing tools) support creative
work through three core practices: (1) finding relevant examples, (2)
learning from examples, and (3) reusing examples in new contexts.

Examples can inspire and guide creativity, but locating the right
example at the right moment remains challenging [66]. HCI systems
address this with a range of retrieval methods [45, 50, 76, 95]. In de-
sign, tools like d.tour [76] support stylistic querying via descriptors
such as “colorful” or “image-heavy”), while IdeateRelate [95] pro-
vides more abstract, concept-level matching. In writing, CorpusStu-
dio [19] retrieves examples via textual (sentence-level) and struc-
tural (section-title) similarity; TaleStream [12] suggests tropes (i.e.,
storytelling conventions) during early ideation; and ScriptViz [70]
automatically retrieves movie screenshots that satisfy user-defined
SQL constraints to aid scriptwriting. However, these systems sel-
dom model a creator’s evolving intent during the process. In sto-
rytelling, authors often need examples keyed to current narrative
purpose (e.g., executing a turning point or shifting emotional trajec-
tory) rather than only topic, convention, or lexical similarity. Our
system supports such intent-driven retrieval by externalizing the
writer’s goals through an evolving story arc and aligning examples
to narrative position and affect.

The pedagogical value of examples is well established in HCI and
language education [10, 22, 82, 83]. In design, novices benefit dispro-
portionately from galleries because multiple examples help them
infer underlying principles [50]. In writing, tools improve lexical
and syntactic fluency by surfacing patterns from corpora: WriteA-
head mines academic collocations [9]; Corpus of Contemporary
American English (COCA)-based systems support ESL learners’
usage [58]; Langsmith suggests fluent academic sentences [41]; and
Lettersmith scaffolds professional email writing with annotated
checklists and aligned exemplars [37]. Yet these systems primar-
ily focus on linguistic patterns or genre convention, while deeper
creative strategies still remain implicit. We address this gap by

https://www.reddit.com/r/writing/
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helping users explicitly discover, interpret, and repurpose narra-
tive strategies instantiated in examples, moving beyond linguistic
conventions toward strategy-level learning.

Many CSTs support direct reuse of examples. In visual domains,
style-transfer and component-level remix support rapid adapta-
tion [26, 50, 56]. For example, Misty [56] helps users blend spe-
ci�c aspects (e.g., color, layout, content) from one UI example into
their work-in-progress designs. In writing, systems surface example
text for composition and reuse: prior work supports recycling past
replies in email [65], checklists with expert-annotated examples
for help-seeking [38], and corpus-driven retrieval and highlights
for academic writing [19]. However, these tools largely emphasize
content-level borrowing (e.g., snippets, structural cues, stylistic
conventions) rather than identifying and repurposing underlying
creative strategies. Our approach builds on this practice but shifts
the focus to strategy-level reuse, enabling writers to insert, adapt,
and combine named strategies in their own drafts.

2.2 Cognitive Apprenticeship Support
Cognitive apprenticeship supports learning complex skills by mak-
ing expert strategies visible and guiding learners throughmodeling,
coaching, sca�olding, re�ection, andexploration[17, 18]. Modeling,
coaching, and sca�olding help students acquire integrated skills
through observation and guided practice; re�ection help students fo-
cus their observations of expert problem solving and gain conscious
access to (and control of) their own problem-solving strategies; and
exploration promotes autonomy by encouraging the application of
strategies in new, self-de�ned contexts.

Several prior tools provide partial support for this pedagogy.
For example, IntroAssist [38] and Lettersmith [37] surface expert-
annotated texts and prompt self-re�ection, thereby supporting mod-
eling, coaching, and re�ection. However, they rely heavily on man-
ual annotations and still require users to perform much of the
interpretive work themselves (particularly challenging for novices
facing complex narrative strategies) and o�er limited sca�olding
for deeper reasoning or creative experimentation. Schemex [90],
though designed for text analysis rather than writing, introduced
an AI-powered work�ow that enables users to extract patterns
from examples through clustering, abstraction, and re�nement us-
ing contrasting examples. More relatedly, CorpusStudio [19] mod-
els corpus-level norms (e.g., section headings, common sentence
patterns) and supports re�ection, yet leaves underlying narrative
strategies relatively underexplored.

In contrast,Narrix extends cognitive apprenticeship support
by adding active sca�olding and exploration. It leverages AI to au-
tomatically surface tacit narrative strategies from examples, situate
them by narrative position and a�ect, and guide writers as they
experiment with and adapt these strategies within their own drafts.
This approach helps novices grasp not onlywhat makes a narrative
moment compelling, but alsohowto repurpose strategies in context.

2.3 Intelligent Writing Tools
The HCI community has a long-standing interest in intelligent writ-
ing tools [51], supporting writers across various stages, such as
brainstorming ideas [12, 27, 77], planning outlines [74, 87], drafting
content [20, 33, 43, 47, 48], and re�ning text [1, 42, 52, 72, 85]. These

tools span diverse genres, including argumentative writing [98,102],
story writing [13, 34, 96], and scienti�c writing [79, 80].

In story writing, early systems emphasized autonomous gener-
ation via computational planning with rules [49, 61, 75], character-
based simulation [7], case-based reasoning [28, 68, 74, 86], and,
increasingly, language models for sentence in�lling or interpola-
tion [2, 35, 39, 89]. Nowadays, large language models (LLMs) enable
writers to steer generation text through prompting [23, 24, 40, 81,
94, 100]. While prompt-based interactions o�er �exibility, they also
introduce several challenges for our target user and scenario. First,
prior research has shown that users without AI expertise may strug-
gle to design e�ective prompts [97]. This challenge is ampli�ed
when our target users are also novices in writing: they may lack
narratological knowledge (e.g., narrative strategies), which hinders
their ability to craft prompts that analyze example stories, extract
strategies, and transfer them into their own writing. Second, conver-
sational interfaces typically constrain users to a linear �ow. Writers
have limited visibility into global story progression, �nd it hard to
compare their drafts with example stories at the level of story arcs,
and struggle to coordinate strategies across broader story structure.
Third, prompt-based interactions o�ers limited pedagogical trans-
parency. LLM outputs rarely revealwhichnarrative techniques are
employed,why they work, andhowthey can transfer to new con-
text, making it harder for novice users to learn story-writing skills.

To address these limitations, recent work has explored interfaces
that enable direct manipulation or embed structured interactions
into human-AI co-writing process. For example, TaleBrush allows
authors to sketch story arcs to shape narratives [14]; PatchView
supports worldbuilding through dust-and-magnet metaphors [15];
VISAR [102] and Polymind [87] provides node-based visual pro-
gramming for interactive co-writing; Dramatron [62] o�ers hierar-
chical story generation, enabling users to control screenplay gen-
eration across di�erent narrative elements (e.g., characters, plots,
locations, and dialogue); and Friction [98] and Synthia [99] inte-
grates a feedback-based revision work�ow into AI-assisted writing
to help users re�ect on comments and improve their drafts. While
these tools provide richer structural guidance and a�ord more con-
trol than prompt-only interfaces, their assistance tend to focus on
shaping story structure or organizing content, and the narrative
techniques invoked by the model remain implicit within generated
text. In contrast,Narrix surfaces narrative strategies extracted
from exemplar stories, visualizes how they unfold across an arc,
and enables users to directly manipulate and combine them. This
explicit focus on strategy visibility, explanation, and transfer com-
plements existing structural and generative approaches.

To sum up,Narrix advances beyond prompting-based assis-
tants and structured co-writing tools by centering both controlla-
bility and learning around example-based story writing. Our visual
interfaces allow users to inspect how strategies unfold across a
story arc and orchestrate them when shaping their own drafts with
LLM support. Grounded in cognitive apprenticeship principles, this
work�ow encourages learning by exposing narrative strategies
from examples, explaining when and why a strategy works, and
sca�olding their application in new contexts.
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